DEri=

£
af

Aircraft Identification and Orientation Estimention
Using Multi-Layer Neural Network
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ABSTRACT Multi layer neural network using backpropagation learning algorthm is used to achieve identification
and orientation estimation of different classes of aircraft in the variety ot 3-D orlentations, In-plane distortion invarient
(L, @) feature was extracted from cach awcraft image to be used for tramning neural network aircraft classifier. For
aircraft identification the optimuni structure of the newral network classifier 15 studied to obtain high classification
performance. Effective reductioin of learning time was achieved by using mudined backpropagaion learning algorithm
and varying leaming parameters,
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