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A Study on the Feasibility of Self-Organizing Net
for the Pattern Recognition

Eun Ho JEONG* Jin Goo KIM** Regular Members

E® el s A oA qlelel walE aldnl boalls A ddslwel @ Ml dersheck
Wty gt S e ole] gad G e A g0 Sk ol A ol A d ool w4 ol
B Y B A T R PR AR PP
o185 4 alenl, Ao g el A gl oA D e B el MR AP N DS

29 Lol v g ol A4 1S

S A L

=k dul 2ol (4% 2] nel 2(SNR 2dBii qlal &l nl geol 4l nl gl dlo] vpglo i

ABSTRACT This paper proposes a type of selt organizing neural network which recognizes arbitrary symbols as
well as numeric or alphabetic characters, The proposed algorithm autonomically organizes and classifies similar patterns
on the basis of the distribution types of characterisitics in the input images. Thus 1t can be appliced for the recognition
of arbitrary images when it is ditficult to estabiltish a learning rule, It performe a stale recognition process with in
the limit of the memory capacity. The scheme was applied and tested to 50 different image patterns with incresased
noise level up to {1%(SNR 2dB).

The implementation results demonstrate that the proposed algorithm successfully recognizes the image patterns
changed due to the various noise levels and thus proves excellent dntinowse characteristics,
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