A Direction Finding Method for General
Sensor Noise Correlation

Il Keun Rhee* Regular Member

¥ =i-o) A= Array Processingoll ~], Sensor roll Mg At Alvy Zal e A o1 Sensor
Array & %8l '5-‘-01 Q3= Source Signalire] ¥ f “WUL";% o 23 W 3= Qi wa Ekzt o Z2 b8 9
T8, o) W& A Al 7 A 8] ol 2E Uk VPN QoW Ak A S Al A S o s Qura o

2 Aoy o +})1]0}o] Arsh AR o] el akt o) &G 42 zsg shol

Boz, MMl g drro] £, Ak

1‘U

AR E Fol Ao et}

i

ABSTRACT

In this paper, a direction finding method which can estimate the direction angles of source

signals impinging on the sensor array in which sensor noises are correlated is studied. This method

performs the estimation of source direction angles from sensors, regardless of sensor noise corre-

lation, by eliminating the sensor noise correlation coefficient which can be accurately estimated.

Finally, this paper shows, through the computer simulation, that the proposed method is ex-

tremely useful and superior when there exists the noise correlation between sensors.
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