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ABSTRACT

This paper presents a Fuzzy Petri Net(FPN) model, which can be used to verify the validity and
effectiveness of nervous system behaviors.

The similarities and differences between communication network and neural network are
analyzed with respect to the representation and verification of the system behaviors. For the effec-
tive representation for the ambiguities of nervous system we combine fuzzy set theory to the Petri
Net, and then design a new model, FPN. Also we show that FPN is superior to the multilayer
perceptron model using computer simulation.
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