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ABSTRACT

This paper deals with an inverse modeling of nonminimum phase communication channel utilizing the HOS
(High Order Statistics) of the received signal. After the communication channel is separated into the minimum
phase and maximum phase components, the inverse modeling is performed independently. The performance superi-
ority is confirmed by monte-carlo computer simulation in comparison with the traditional CMA (Constant Modu-
lus Algorithm) method.

By utilizing the proposed algorithm employing the HOS of the received signal, the inverse frequency
characteristics of the channel can be obtained without transmitted signal in digital communication. This algorithm
is required in preprocessing or postprocessing in order to remove the channel effect, and effective in the self adapt-

ive equalizer which can minimize the bit error rate or symbol error rate in the recovery of received signal.
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Fig. 1. Base Band Model of Digital Communication System
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