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ABSTRACT

Since displacement vector obtained in sequential images has been utilized as an important information in image
processing and computer vision, precise estimation of it has been one of the popular research topics. The esti-
mation of displacement vector based on pixel value Ill-posed problem is inherent. To solve this, the regularizstion
method using MRF model has been proposed recently. For better estimation of displacement vector, the researches
were inclined to optimization method which finds the global solution maximizing the probability. However, in this

paper, it is showed that the improvements of modelling results the better estimation of displacement vector. That is,
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assuming that uncertainty was in the observation model and displacement vector model, the each model was

designed by means of fuzzy measure endowed with uncertainty. D-S theory is the generalized theory which can

design the fuzzy measure and integrate uncertain information. Simulation demonstrates the efficiency of the

proposed method, as a result, the motion vector estimation using D-S theory gives the better estimation results

from designing the observation model and the displacement vector model by means of belief function, in spite of

having the same parameter with that of probability measure.
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