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ABSTRACT

Data exploration is new field which explores unknown hugh data set and find data structures or characteristics
hidden on the data and make it possible to analyze or estimate data behavior. In this paper we suggest on-line
data exploration method based on modified Kohonen Self-Organizing Map. SOM which uses unsupervised leaming
shows good characteristic in data clustring. We modified SOM to apply to on-line data clustering keeping its
good characteristic. Simulation result showed the effectiveness of suggested methods compare with on-line
K-means methods.
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