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Moving Objects Tracking by using Background Learning and
Bayes Decision
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ABSTRACT

Rigid or non-rigid moving objects tracking algorithm is proposed. The algorithm segments local moving parts
from image sequence in the static camera environment and tracks them, efficiently. It requires no camera
calibration and no knowledge of the installed position of camera. For robust motion detection from a dynamic
background scene, the proposed algorithm performs statistical modeling of moving objects and background, and
trains the statistical feature of background with the initial parts of sequence which have no moving objects. And
it discriminates moving pixels from background by the Bayes decision with the Gaussian blutred background PDF
of the trained sequence and the updated image. And then, moving objects segmentation is performed using the
connected components labeling of moving pixels and the projection profiles of them. It can be used for the
unmanned surveillance system, traffic monitoring system.
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