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Design of time varying dynamic system using Neuro-Fuzzy
Algorithm
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ABSTRACT

In the study, Neuro-Fuzzy algorithm parallel combined fuzzy theory and multl-layer neural network is
proposed. The proposed design method using neuro-fuzzy algorithm for improve to control performance of system
as rapldly leaming convergence speed of the error back propagation leamning algorithm using has been used
common of the multi-layer neural networks that previously sense pre-saturation state and the same time as slope
of actlvation function proper to variable. Evalvation method of control performance to the designed neuro-fuzzy
algorithm was analyzed compare about two adaptive control system using conventional mult-layer neural networks
and PID mult-layer noural networks. The object analysis of comtrol performance and parameter of designed
neuro-fuzzy algorithm were both a time varying dynamic system of the secondary system and in case of supply a
step wave, load, variable parameters of system. According to this condition, as a result of the study by using
computer simulation, we identified that leamning convergence speed and control performance was developed more
in cpse of connecting designed neuro-fuzzy algorithm disregarding at the less learning the number of trial than
conventional two control systems.
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