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Equalization with PC-BLRNN for Wireless ATM Channel
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ABSTRACT

Equalization of wireless Asynchronous Transfer Mode (ATM) using Pruned Complex BiLinear Recurrent Neural
Network (PC-BLRNN) is proposed in this paper. Since the BLRNN is based on the bilinear polynomial, it has
been more effectively used in modeling highly nonlinear systems with time-seties characteristics than multi-layer
perceptron type neural networks (MLPNN). The BLRNN is, first, expanded to its pruned multi-layer complex
version for dealing with the highly nonlinear and complex valued input signals in this paper. PC-BLRNN is then
applied to equalization of a wireless ATM communication channels for QPSK which has the impulse prolongation
resulting from multipath propagation. The proposed PC-BLRNN based equalizer for a channel models is compared
with cutrently used Complex Decision Feedback Equalizer (C-DFE), conventional Complex MLPNN(C-MLPNN)
Equalizer. The results show that the proposed PC-BLRNN based equalizer gives favorable results in MSE and
BER criteria over Complex DFE, Complex MLPNN Equalizers.
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