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ABSTRACT

In this paper, an equalizer(RNE) using nonlinear multilayer combining techniques in Bayesian equalizer with a
structure of radial basis function network is proposed in order to simplify the structure and enhance the
performance of the equalizer(RE) using a radial basis function network. The conventional RE produces its output
using linear combining the outputs of the basis functions in the hidden layer while the proposed RNE produces
its output using nonlinear combining the outputs of the basis function in the first hidden layer. The nonlinear
combiner is implemented by multilayer perceptrons(MLPs). In addition, as an infinite impulse response structure,
the RNE with decision feedback equalizer (RNDFE) is proposed. The proposed equalizer has simpler structure

and shows better performance than the conventional RE in terms of bit error probability and mean square error.
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3£ 3. Complexity of the equalizers in simulation
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