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ABSTRACT

This paper presents the fast adaptive algorithm which applies an approximation scheme into RLS algorithm.
The proposed algorithm(D-RLS) derives a QRD RLS algorithm derivation process from RLS algorithm
recursively. D-RLS has the similar pattern as the algorithm having the approximation that input signals are
separated respectively. Computational complexity of D-RLS is (O(N), fewer than O(N?). To evaluate
performance of proposed algorithm, we use the system identification method of FIR and Volterra system. And,

finally, we can show D-RLS has an excellent performance.
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