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ABSTRACT

This paper proposes one of normalized QR-typed LMS (Least Mean Square) algorithms with computational
complexity of O(N). This proposed algorithm shows the normalized property in terms of theoretical
characteristics. This proposed algorithm is one of algorithms which normalize variance of input signal in terms
of mean because QR-typed LMS is proportional to variance of input signal. In this paper, convergence
characteristic analysis of normalized algorithm was made. Computer simulation was made by the algorithms
used for echo canceller. Proposed algorithm has similar performance to theoretical value. And, we can see that

proposed method shows similar one to performance of NLMS.by comparison among different algorithms.
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