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Object Recognition and Tracking using Histogram
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Through Successive Frames
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ABSTRACT

Recently, the research which concerns the object class recognition has been done. Although an object tracking

based on most of histograms employs a colored model to improve robustness, the system is not reliable enough

yet. In this paper, we presents a method to express and track an object by using the histograms which are

composed with visual features through succesive frames.

The experimental results shows that this method is

reliable to track a car within 80m distance from camera.
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Table 1. Result for SVM classification
H 1. SVM &7 A%

classify recognition
distance cars other rate (%)
0~30m 624 12 98.1%
30 ~ 50 m 528 14 97.4%
50 ~ 80 m 568 22 96.3%
80 ~ 100 m 320 153 67.7%

Fig. 2. Examples of classified instances.
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Fig. 3. Examples of Tracking
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