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ABSTRACT

In this paper we proposed FSFN (Filter bank sub-band energy subtraction based CLSFN) method to
improve the recognition performance of the existing CLSFN (Cepstral distance and Log-energy based Silence
Feature Normalization). The proposed FSFN reduces the energy of noise components in filter bank sub-band
domain when extracting the features from speech data. This leads to extract the enhanced cepstral features and
thus improves the accuracy of speech/silence classification using the enhanced cepstral features. Therefore, it
can be expected to get improved performance comparing with the existing CLSFN. Experimental results
conducted on Aurora 2.0 DB showed that our proposed FSFN method improves the averaged word accuracy
of 2% comparing with the conventional CLSFN method, and FSFN combined with CMVN (Cepstral Mean

and Variance Normalization) also showed the best recognition performance comparing with others.
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