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ABSTRACT

This paper presents a decoding technique for speech recognition using uncertainty information from feature
compensation method to improve the speech recognition performance in the low SNR condition. Traditional
feature compensation algorithms have difficulty in estimating clean feature parameters in adverse environment.
Those algorithms focus on the point estimation of desired features. The point estimation of feature compensation
method degrades speech recognition performance when incorrectly estimated features enter into the decoder of
speech recognition. In this paper, we apply the uncertainty information from well-known feature compensation

method, such as IMM, to the recognition engine. Applied technique shows better performance in the Aurora-2
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Table 1. Aurora-2 DB average recognition results (%)

DB
74 set A set B set C
Baseline 65.58 61.75 72.48
IMM 85.30 86.60 80.56
IMM+UD 85.92 86.99 81.01
E 2. Aurora-2 DB ¥ RERR A% (%)
Table 2. Aurora-2 DB average RERR (%)
DB
7 set A set B set C
MM 50.74 68.56 24.82
IMM+UD 52.20 69.14 26.81
F 3. 3 S nlaxX Az
Table 3. Processing time(X real-time)
714
24 IMM IMM+UD
FIPsEE 0.0527 0.0602
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Fig. 1. Comparison of RERR according to SNR
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