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ABSTRACT

Recently, with the proliferation of social network services, users and many companies hope that their
information spread more faster. In order to study the information diffusion in the social networks, many
algorithms such as greedy algorithm and heuristic algorithm have been proposed. However, the greedy algorithm
is too complicated to use in real-life social network, and the heuristic algorithms have been studied under the
uniform distribution of diffusion probability, which is different from the real social network property. In this
paper, we propose an heuristic information diffusion maximization algorithm based on diffusion probability and
node degree. For performance evaluation, we use real social network database, and it is verified that our
proposed algorithm activates more active nodes than existing algorithms, which enables faster and wider

information diffusion.
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Proposed Diffusion Maximization Algorithm

1. initialize S=©

2. for i=0 to n do

3. compute its node degree d;

4. compute its proposed Diffusion Ability
with d; and p;; follows as eq.(1)
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5. sort array da; in descending order
6. for i=k do

7. select da; = argmax{da;}

8. if da; is not neighbor of s (s&S)
9. 8§=5Uda,

10. end for

11. output S
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Fig. 2. Pseudo Code of Proposed Algorithm
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