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ABSTRACT

A resource allocation algorithm has a high impact on user satisfaction as well as the ability to accommodate
and process services in a distributed cloud computing. In other words, service rejections, which occur when
datacenters have no enough resources, degrade the user satisfaction level. Therefore, in this paper, we propose a
resource allocation algorithm considering the cloud domain’s remaining resources to minimize the number of
service rejections. The resource allocation rate based on Q-Learning increases when the remaining resources are
sufficient to allocate the maximum allocation rate otherwise and avoids the service rejection. To demonstrate, We
compare the proposed algorithm with two previous works and show that the proposed algorithm has the smaller

number of the service rejections.
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Fig. 1. System model for a distributed cloud system.
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