DB ris

i 14-39A-12-08 The Journal of Korean Institute of Communications and Information Sciences '14-12 Vol.39A No.12
http://dx.doi.org/10.7840/kics.2014.39A.12.756

[
L)
A
1=
N
¥
fllo
o
ofo
r
Jote
b
2
1-011
d
.
N
¥

Sparse Signal Recovery Using A Tree Search

Jaeseok Lee’, Byonghyo Shim’
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2 =rolde EZAA 7]Mke] GTMP (matching pursuit with greedy tree search)o|gh= A2 3| A1s &
A7 Alkdich B2 w83k (cost function)E HAstgho s 32415 B A A7) S8
Agatalet. =3k 24 eerh E2AlA (tree pruning)7 WS of-8-8te] EEHQl darelEE JNEEsicl & =i
dres daelEel AeiaE F3l 3aalseld QO°] obd el HAE A Zohlle 2AE =Esilrh
a2lal A3E E3 GTMP7} 7129 3]als S7el vlsl Aol #d=E< Bk
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ABSTRACT

In this paper, we introduce a new sparse signal recovery algorithm referred to as the matching pursuit with
greedy tree search (GTMP). The tree search in our proposed method is implemented to minimize the cost
function to improve the recovery performance of sparse signals. In addition, a pruning strategy is employed to
each node of the tree for efficient implementation. In our performance guarantee analysis, we provide the
condition that ensures the exact identification of the nonzero locations. Through empirical simulations, we show

that GTMP is effective for sparse signal reconstruction and outperforms conventional sparse recovery algorithms.
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