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ABSTRACT

Cloud service is one of major challenges in IT industries. In cloud environment, service providers predict
dynamic user demands and provision resources to guarantee the QoS to cloud users. The conventional prediction
models guarantee the QoS to cloud user, but don’t guarantee profit of service providers. In this paper, we
propose a new resource allocation mechanism using Q-learning algorithm to provide the QoS to cloud user and
guarantee profit of service providers. To evaluate the performance of our mechanism, we compare the total

expense and the VM provisioning delay with the conventional techniques with real data.
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