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ABSTRACT

Recently, tremendous amounts of unstructured text data that is distributed through news, blogs, and social
media has gained much attention from many researchers and practitioners as this data contains abundant
information about various consumers’ opinions. However, as the usefulness of text data is increasing, more and
more attempts to gain profits by distorting text data maliciously or nonmaliciously are also increasing. This
increase in spam text data not only burdens users who want to obtain useful information with a large amount of
inappropriate information, but also damages the reliability of information and information providers. Therefore,
efforts must be made to improve the reliability of information and the quality of analysis results by detecting
and removing spam data in advance. For this purpose, many studies to detect spam have been actively conducted
in areas such as opinion spam detection, spam e-mail detection, and web spam detection. In this study, we
introduce core concepts and current research trends of spam detection and propose a methodology to detect the

spam tag of a blog as one of the challenging attempts to improve the reliability of blog information.
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Fig. 3. Extracted Key Terms and Post Tag for each Post
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Table 2. The Result of Single Document based Spam
Detection

0 1345 16.02%
1 359% 42.82%
2 5572 66.36%
3 7255 86.40%
4 7910 94.20%
5 8229 98.00%
6 8345 99.38%
7 8372 99.70%
8 8389 99.90%
9 8392 99.94%
10 839 99.99%
11 8397 100.00%
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Table 1. Frequency of Post Tag in Post Body (Part)
1772 LA AEl 2 816 s 3 7752 | HIO|ERA 0
1772 22! 0 816 ES| 2 7752 M 0
1772 2AE| 1 816 Eh 2 8136 | M| X}OHE! 2
293 AAMY E 3 1289 | 7t2 420 0 8136 | Aj=Lmxt 1
293 MEZZ2x 2 1289 | Jt2 2 kbt 1 265 Ttz 2
293 O] A 0 1289 xut 2 265 oHEl 1
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Table 4. Ratio of Appearance for each Post Tag in Post
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