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(a) Scoreboard (270%120)
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(b) Team score (10x20) (c) Player score (5x10)
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Fig. 1. Example of team score and player score in

scoreboard.
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Alg. 1. Context-based Player Score Recognition
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Fig. 2. Segmentation of team and player score regions.
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Fig. 3. Digit segmentation of team score regions.
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Fig. 4. Quantitative performance comparison on 20
videos.
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