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ABSTRACT

In this paper, we analyze the relationship between various physical layer measurements including MDT data
and throughput, and propose a multi layer perceptron(MLP) based throughput prediction method using the
physical layer measurements. First, we analyze and select various physical layer measurements that affect the
transmission rates to the UE in the LTE network using the actual measurements. In addition, we construct a
MLP model for throughput prediction and train the prediction model using the physical layer measurements with
throughput. From the simulation results, it is shown that the throughput prediction model based on the MLP
shows the similar actual measured throughput, and has the improved results compared to other prediction
techniques.
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Table. 4. Accuracy of throughput prediction based on
prediction method

Measure

MSE Pou,1s

Throughput prediction scheme
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Multi 16.31 83.59%
# of neuron = 150

layer # of hidden layer = 3
perceptron 4 of neuron = 100 18.54 | 82.58%
# of hidden layer = 3
# of neuron = 150

Multivariate regression 110.50 | 30.81%

17.27 | 84.34%

18.90 | 83.08%
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