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ABSTRACT

There is a vision-based drowsiness detection method for judging drowsiness in a limited situation of driver.
The driver’s eye and head movements are used to determine the drowsiness. In the case of drowsiness, the
change in drowsiness is different. Since the drowsiness is different from other drowsiness, This may be difficult.
In this paper, we propose a multimodal learning method using DBM(Deep Boltzmann Machine) in order not to
be affected by visual feature data. Two of the commonly used visual-based features (eye, mouth) are used to
observe changes in drowsiness. First, we study two feature data using multimodal DBM and then consider the

temporal change using RNN (Recurrent Neural Network).
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12! 3. multimodal DBM 22 =l
Fig. 3. multimodal DBM graphical model
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