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ABSTRACT

This paper aims at realization of an automatic data visualization system based on machine learning, and
introduces a metal-level feature engineering process to construct a visualization recommendation model. Basically,
the visualization results can be varied according to the purpose of the data analysis, and as the understanding of
the data becomes grow, more various results can be obtained. Through these experiments, we have designed
various meta-feature variable to determine the significance of the visualization results in order to develop the
automatic visualization system and constructed the visualization recommendation model using the meta-features.
For performance evaluation, we have used three data sources including R datasets, UC Irvine ML Repository,

and Data.world, and have found that the decision tree-based recommendation model provides the best

performance.
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Fig. 10. Performance comparison of the Top-3 algorithms
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