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ABSTRACT

Due to non-rigid deformations, it is hard to apply
algorithms on fashion images. To overcome this
problem and imporve performances of Fabric and
Part attributes, in this paper, we propose a clothing
recognition method with fashion landmark features.

The proposed method exploits contextual features of

a fashion item, which is generated in fashion
landmark localization. Through experimental results
on the DeepFashion dataset, we demonstrate that the
proposed method has an excellent ability to learn

deep feature representation for fashion recognition.
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Fig. 1. Example of fashion recognition
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Fig. 3. Example of fashion landmark on Deepfashion
dataset
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Fig. 4. The architecture of the global-local embedding
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Fig. b. Ilustration of our proposed method
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4.1 Dataset.
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4.2 Evaluation metrics
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Table 1. Performance comparison for category
classification and attribute prediction on the Deepfashion
dataset[1]

Category Attribute
Method

top3 topS top3 topS

[1] 82.58 90.17 45.52 54.61
[2] 90.99 95.78 51.53 60.95
[3] 91.37 95.26 47.70 57.28
[4] 91.16 96.12 54.69 63.74
Ours 90.46 95.27 27.30 35.61
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Table 2. Performance comparison for attribute prediction of subcategory on the Deepfashion dataset[1]. The best scores are
marked in blue, and the second best scores are marked in red.

Method Texture Fabric Shape Part Style
etho top3 topS top3 topS top3 top5 top3 topS top3 top5
[1] 37.46 49.52 39.30 49.84 39.41 48.59 44.13 54.02 66.43 73.16
2] 50.31 65.48 40.31 48.23 53.32 61.05 40.65 56.32 68.70 74.25
[3] 56.95 66.24 44.03 54.21 56.87 66.25 44.89 55.15 33.98 42.21
[4] 56.17 65.83 43.20 53.52 58.28 67.80 46.97 57.42 68.82 74.13
Ours 5707 | 6647 | 4452 | 5517 | 5952 | 68.62 | 4793 | 5828 | 3367 | 4257
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