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ABSTRACT

In this paper, we propose an effective jamming
detection scheme using convolutional neural network
when there is a doppler effect in an environment
where amplitude modulation jamming is received in
a global navigation satellite system receiver. It was
confirmed that the proposed scheme to compare

with the conventional one, shows similar detection

performance even when it was weaker than about
3dB based on jamming power-to-noise spectral

density ratio via Monte-Carlo simulation.
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Fig. 1. Configuration of the proposed CNN-based single
AM detection scheme
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Fig. 2. Detection  probability —of the conventional

DNN-based scheme and the proposed CNN-based scheme

via Monte-Carlo simulation
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