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ABSTRACT

This paper designs and implements the real-time monitoring platform for preventing wild animals to reduce
the damage from the wild animals. Therefore real-time platform is proposed to monitor and detect wild
animals with real-time detection technique that combines single shot detection(SSD) and MobileNets. Through
the proposed platform, it detects wild animals in real-time and prevents wild animals by using light-emitting
diode(LED) lights and alarms when the object is detected. In addition, it is possible to check the time zone
and location of wild animals through information management using the database. As a result of performance
evaluation in a simulation, it was confirmed that the performance of SSD with MobileNets object detection
technique is superior to that of you only look once(YOLO) and faster regions with convolution neural

networks features(Faster R-CNN) techniques.
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Table 1. Damage to crops by wild animal.

(Unit: ¥ 1,000,000)

~JYear! oo | 2015 | 2016 | 2017 | 2018
Object

Boar | 4202 | 4,701 | 5,648 | 7,850 | 6,509

Elk | 2,309 | 2,055 | 2,460 | 2,269 | 2,593
Pheasant 458 300 259 259 404
Magpie | 1,710 | 1,588 | 1,263 | 1276 | 1,021
Squirrel | 94 138 79 62 59
Duck | 475 | 353 | 276 | 260 | 39
Others | 1,635 | 1,537 | 926 | 700 | 787
Total | 10,883 | 10,672 | 10,911 | 12,676 | 11,767
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