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A Study on the Emotion Classification of the Speech Signal
Using Support Vector Machine
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ABSTRACT

This paper proposes an algorithm to classify the emotions of speech signals in constrained environments.
The proposed algorithm used the SVM as a classifier, the Autocorrelation Function (ACF) was used to obtain
pitch period, the Linear Predictive Coding (LPC) and Split-LPC were used to measure formant frequencies, and
Zero Crossing Rate (ZCR) and Short Time Energy (STE) were used to determine voiced and unvoiced sounds.
The experiment was conducted with voice data of three men and two women. In this paper, propose a method
to add a process of gender classification before classifying emotions using SVMs to improve accuracy. Gender
and emotional classification were graphically identified the relationship between pitch period and multiple
formant frequencies. The proposed algorithm made improved accuracy emotion classification in constrained

environments, and showed the potential to provide responses to the speaker’s discriminated emotions.
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II. Pitch Detection Algorithms
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Ill. Linear Predictive Coding (LPC)
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IV. Voiced/Unvoiced Signal Discriminating
Algorithm
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