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Artificial Intelligence Modeling for Analysis and Clarification of
Racehorse Lameness
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ABSTRACT

Abnormal gait or lameness of a racehorse has a fatal effect on the health and value of a racehorse. If such
lameness of racehorses can be detected at an early stage, it will be possible to treat them at an appropriate time,
which will help preserve the health and value of racehorses. This paper is designed to use artificial intelligence
to racehorse claudication diagnoses that previously relied on the human experience. Using CCTV images of
racehorses, the detection of claudication of racehorses is divided into normal and claudication labels in units of
images, and a data set is constructed by labeling the skeleton coordinates of the horses in units of frames. We
analyze the threshold of Gaussian data distribution that detects lameness of a racehorse, and design artificial
intelligence modeling for the front, side, and rear of the racehorse using the Skeleton extraction neural network
using the artificial intelligence Efficient neural network. And design a claudication detection push service for the
racehorse manager. This paper expects to prevent the development of artificial intelligence technology and the

decline in the value of racchorses by utilizing artificial intelligence for detecting and judging the lameness of
racehorses.
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