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ABSTRACT

In this paper, we present how automatic modulation
classification is applied to the multi-armed jamming
bandit that adaptively selects the jamming strategy
according to enemy communication systems, in order to
reduce the number of cases considered to derive optimal
jamming  strategies. ~We  also  analyze the
exploration/exploitation trade-offs of the arm choosing

techniques.
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Table 1. Parameter settings for simulations

Jamming Power [10 dB, 15 dB]

Enemy SNR 20 dB
Jammer Modulation Scheme BPSK
Enemy Modulation Scheme BPSK

Number of simulations 100
UCB c=0.1
Decayed €-Greedy €=0.3, 0.4
Decay Factor 0.999
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Real-time Symbol Error Rate

Timestep

. Arm Choosing 7|%<] AA7F BAF A3}
. Real-time compensation for arm choosing schemes
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Table 2. Results of the most frequently-selected jamming
strategy according to the enemy SNR

Enemy UCB Decayed | Decayed Optlrr}al

SNR (=0.1) €-Greedy | €-Greedy | Jamming

' (€=0.4) (€=0.3) Strategy
5 dB Arm20 | Arml0 Arm10 Arm20
10 dB Arm20 | Arml7 Arm8 Arm20
15 dB Arml17 | Arml7 ArmS5S Arm17
20 dB | Arm15 | Arml5 Arm4 Arml5
25 dB | Arml4 | Arml4 Arm3 Arml14
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